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Last mile deliveries problems — case of Casablanca (1/2)

Last mile deliveries problems — case of Casablanca (2/2)
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Multimodal transportation (piggy back) (1/2)

transportation systems.

The aim — to compare the effectiveness of usage of unimodal (automobile) and multimodal
(piggy back) variants of transportation and define the rational parameters of the alternative

Multimodal transportation (piggy back) (2/2)
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Finalizing the distance learning lesson for teachers
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Competences:

- to know the general typology of e-commerce delivery systems;
- to analyze the end consumer behavior in purchasing both in store and on line
- to analyze and forecast of e-commerce (shopping) demand;

- to design, manage and control e-commerce supply systems in cities.

E-Commerce
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Aim:
To study the current trends, performances, delivery structure and purchases number in
case of e-commerce in cities.

The content of the lesson:

1. Current trends of e-commerce.

2. E-commerce performances.

3. E-commerce infrastructures and delivery structure.
4. E-commerce: purchasing number.
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- E-commerce is the buying and selling of products
through the use of internet.
K & g
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- Internet of things (IoT) B ZINTERNETor [II[]m
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Positive effect e s _
Benefits of e-shopping on passenger >>99 The purchased products have to be
transportation demand could push to delivered to end consumers (at home or
the reduction of related trips <<?? at pick-up points; sprawl) and Failed
deliveries
increasing of veh-km of commercial
vehicles

E-Commerce
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Finalizing the distance learning lesson for teachers

1. Current trends Co-funded by the
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3. E-commerce and in-store modelling framework

0T
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Shop restocking model sub-system
given the quantity attracted by the shops in

Shopping model sub-system
1t allows to simulate end-consumer shopping
behavior, and estimates quantities bought at store and cach traffic zone, it allows to estimate the
the number of e-purchases restocking origin-destination (O-D) matrices
E-purchase delivering model sub-system by 200ds type and type of vehicle used
given the number of purchases made on-line by end consumers living in each traffic
zone, it allows to estimate the e-purchase delivering O-D matrices by goods type and

type of vehicle used.
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1. Current trends Co-funded by the

E-shopping delivery systems - e g
» Attended delivering (may cause costs increase)
» Alternative delivery solutions to minimise the problem of failed deliveries and the
high costs of failed attended home deliveries.
QUnattended delivery systems at the customer’s home include the use of:
o Reception boxes
o Delivery boxes 3
o Controlled access systems
QOUnattended delivery systems
away from the customer’s
home include:

-

o Pick-up points
o Collection points
o Locker banks

3
=
=
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E-Commerce

4. E-commerce: purchasing number

THE UTILITY FUNCTION PARAMETERS VALUES

The parameters of the utility function

Type of

mographic Economic
goods

young | male | fem | high | medium | comp | student | housewife employee
clothing | 034 | - | - - - - | 041 - =
electronies | - 144 | - - 0.78 - - - -
hygiene
and

household
products

other - 0.71 - - 0.23 -0.22 - - -0.24
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- - 0.27 | -0.57 - - - 0.50 -
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PAPERS REVIEW ON VEHICLES GPS DATA

PAPERS REVIEW ON VEHICLES GPS DATA
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SETTING UP METHODOLOGY FOR THE ANALYSIS OF
ORIGIN-DESTINATION FLOWS

SETTING UP METHODOLOGY FOR THE ANALYSIS OF
ORIGIN-DESTINATION FLOWS

Statistic data evaluation:

Case study — Veneto Region :

e

han

Sampling units — Private cars trips

The observation period:
. October — November 2018.

0O-D Matrix

15.10.2018

0.0.15.10.2018  O.D_15M02018 kst



FORMALIZATION OF THE SAMPLE SIZE DEFINITION
METHODOLOGY

FORMALIZATION OF THE SAMPLE SIZE DEFINITION
METHODOLOGY

Average number of trips between 5 days

BN Average trips number (0.2;180)
[0 Average trips number(180;380)
BN Average trips number: more then 380 trips

FORMALIZATION OF THE SAMPLE SIZE DEFINITION
METHODOLOGY
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Urban goods flows modelling: CALCULATION OF DEMAND

Vehicle O/D matrices
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SOCIAL COST BENEFIT ANALYSIS-CBA COST-BENEFIT ANALYSIS

1-Introduction to Social cost-benefit analysis BA.SIC THEO.RY°
2-Microeconomics: welfare economics Microeconomics:
Adapted from: Basics of Transport Economics welfare economics
L.H. Immers - J.E. Stada
3- Surplus variation with
Descriptive Demand Model Approach

ADAPTED FROM
Basics of Transport Economics

Adapted from: Ennio Cascetta L.H. Immers
. . . 1LE. Stada
Transporfaﬂon S)’Sfem Eﬂglneer-‘:ng: KATHOLIEKE UNIVERSITEIT LEUVEN

Theory and Methods- Kluwer

prof. ing. Agostinog Nuzzolo - Corso di Logistica Territoriale prof. ing. Agostino Nuzzelo - Corso di Logistica Territoriale
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PROJECTS

Development of Sustainable Urban Mobility Plan (SUMP) for Kharkiv
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